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AbstrACt
Objectives To compare the performance of a validated 
automatic computer-aided risk of mortality (CARM) 
score versus medical judgement in predicting the risk 
of in-hospital mortality for patients following emergency 
medical admission.
Design A prospective study.
setting Consecutive emergency medical admissions in 
York hospital.
Participants Elderly medical admissions in one ward 
were assigned a risk of death at the first post-take 
ward round by consultant staff over a 2-week period. 
The consultant medical staff used the same variables to 
assign a risk of death to the patient as the CARM (age, 
sex, National Early Warning Score and blood test results) 
but also had access to the clinical history, examination 
findings and any immediately available investigations such 
as ECGs. The performance of the CARM versus consultant 
medical judgement was compared using the c-statistic 
and the positive predictive value (PPV).
results The in-hospital mortality was 31.8% (130/409). 
For patients with complete blood test results, the 
c-statistic for CARM was 0.75 (95% CI: 0.69 to 0.81) 
versus 0.72 (95% CI: 0.66 to 0.78) for medical judgements 
(p=0.28). For patients with at least one missing blood test 
result, the c-statistics were similar (medical judgements 
0.70 (95% CI: 0.60 to 0.81) vs CARM 0.70 (95% CI: 0.59 
to 0.80)). At a 10% mortality risk, the PPV for CARM was 
higher than medical judgements in patients with complete 
blood test results, 62.0% (95% CI: 51.2 to 71.9) versus 
49.2% (95% CI: 39.8 to 58.5) but not when blood test 
results were missing, 50.0% (95% CI: 24.7 to 75.3) versus 
53.3% (95% CI: 34.3 to 71.7).
Conclusions CARM is comparable with medical 
judgements in discriminating in-hospital mortality 
following emergency admission to an elderly care ward. 
CARM may have a promising role in supporting medical 
judgements in determining the patient’s risk of death in 
hospital. Further evaluation of CARM in routine practice is 
required.
IntrODuCtIOn
Over the past few decades, numerous scoring 
systems have been developed to estimate the 
risk of mortality in hospital settings including 
intensive care medicine emergency medi-
cine1 and to a lesser extent general medical 
wards.2 Despite the preponderance of scoring 
systems, systematic reviews2 have highlighted 
a lack robust evaluation of risk scoring 
systems and only a few studies3–5 have assessed 
their accuracy versus medical judgements in 
routine clinical settings. This is important 
because if the risk score is found not to 
perform well when compared with medical 
judgements, this would call into question the 
benefit of using the score in routine clinical 
practice. In a review of 12 studies in inten-
sive care, Sinuff et al6 found that physicians 
were better able to discriminate between 
strengths and limitations of this study
 ► This study compares a novel computer-aided risk of 
mortality (CARM) score versus medical judgement in 
predicting the risk of in-hospital mortality.
 ► Consecutive emergency admissions to an elderly 
care ward in one hospital were assigned a risk of 
death at the first post-take ward round by consultant 
staff.
 ► The consultant medical staff used the same vari-
ables to assign a risk of death to the patient as the 
CARM (age, sex, National Early Warning Score and 
blood test results) but also had access to the clinical 
history, examination findings and any immediately 
available investigations such as ECGs.
 ► For a one-fourth of admissions with one or more 
blood test, missing CARM was similar to medical 
judgement with imputed blood test results.
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survivors and non-survivors than scoring systems in 
the first 24 hours of admission. However, one of their 
included studies4 found that for patients at the extremes 
of risk of deterioration, clinicians outperformed scoring 
systems when assessing these patients but when assessing 
the ‘in-between’ group of patients, scoring systems were 
better than clinical judgement.4 
We recently developed a computer-aided risk of 
mortality (CARM) score, which combines age, sex, vital 
signs (based on National Early Warning Score (NEWS)7) 
and seven blood test results for emergency medical admis-
sions.8 A key design feature of CARM is that it uses data 
which is already collected as part of the process of care 
and so places no additional data collection burden on 
clinicians. Furthermore, CARM is intended for computer-
ised implementation and is not suited to pencil and paper 
methods because the underlying equation is not simple8 
as it involves 22 covariates with and without transforma-
tions and interaction effects. Nonetheless, it is important 
to note that CARM is intended to support, not displace, 
clinical judgement but the extent to which it can support 
the clinical decision-making process in practice remains 
unknown. So, as part of the ongoing evaluation of CARM, 
we set out to compare the performance of CARM versus 
medical judgements in estimating the risk of in-hospital 
mortality in consecutive emergency admissions to elderly 
care wards in one hospital over a 2-week period.
MethODs
setting and data
Our cohort of elderly medical admissions is from York 
Hospital (managed by York Teaching Hospitals National 
Health service (NHS) Foundation Trust) which has 
approximately 700 beds. It has been exclusively using 
electronic NEWS scoring since 2013 as part of their 
in-house electronic patient record systems. Consecutive 
admissions to an elderly care medical admissions ward 
in this hospital were assigned a risk of death at the first 
post-take ward round by consultant medical staff over a 
2-week period (05 February 2017 to 20 February 2017). 
The consultant medical staff used the same variables to 
assign a risk of death to the patient as the CARM (age, 
sex, NEWS and blood test results)8 but also had access 
to the clinical history, examination findings and any 
immediately available investigations such as ECGs. Both 
CARM and medical judgements had access to the same 
physiological and pathological variables. The medical 
staff did not have access to the CARM score during the 
data collection exercise. For each admission, we obtained 
the patient’s age, sex (male/female), admission and 
discharge date and time, acute kidney injury (AKI) score, 
electronic NEWS (including its subcomponent vital signs 
data) and seven blood test results (albumin, creatinine, 
haemoglobin, potassium, sodium, urea and white cell 
count), although not all patients have all seven blood 
tests. To derive a CARM score for patients with missing 
blood test results, we imputed population-based age–sex 
median values. The reason for missing blood tests was 
that they were not ordered by the medical staff.
statistical analysis
The performance of CARM versus medical judgement 
was assessed by comparing risk estimates using boxplots. 
The discrimination of CARM and medical judgements 
was quantified by the area under the receiver-operating 
characteristic (ROC) curve or c-statistic.9 In general, 
values less than 0.7 are considered to show poor discrim-
ination, values of 0.7–0.8 can be described as reasonable, 
and values above 0.8 suggest good discrimination.10 We 
compared the c-statistic for CARM and medical judge-
ment using DeLong’s test.11
We determined the sensitivity, specificity, positive 
predictive value (PPV) and negative predictive value 
(NPV), and positive and negative likelihood ratios for 
CARM and compared this with medical judgement scores 
using probability thresholds from a NEWS only model for 
NEWS scores from 1 to 5. The cut-off of NEWS at 5 is the 
recommended threshold for escalation of care.12 13 We 
have also reported the geometric mean of sensitivity and 
specificity.14
All analyses were undertaken in STATA15 and R16 using 
rms17 and pROC18 packages.
ethical approval
This study received ethical approval from The Yorkshire 
& Humberside Leeds West Research Ethics Committee 
on 17 September 2015 (ref. 173753) with NHS manage-
ment permissions received January 2016.
Patient and public involvement
A workshop with a patient and service user group, linked 
to the University of Bradford, was involved at the start of 
this project to co-design the agenda for the patient and 
staff focus groups which were subsequently held at each 
hospital site. Patients were invited to attend the patient 
focus group through existing patient and public involve-
ment groups. The criterion used for recruitment to these 
focus groups was any member of the public who had 
been a patient or carer in the last 5 years. The patient and 
Table 1 Pattern of missing blood test results in discharged alive/deceased elderly medical admissions
Characteristic Discharged alive (%) Discharged deceased (%) All (%)
Total emergency medical admissions 279 130 409
Complete blood test results recorded (%) 202 (72.4) 98 (75.4) 300 (73.3)
At least one blood test result is not recorded (%) 77 (27.6) 32 (24.6) 109 (26.7)
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Table 2 Characteristics of all elderly medical admissions
Characteristic Discharged alive Discharged deceased
n=409 279 130
Male (%) 123 (44.1) 68 (52.3)
Mean CARM score (SD) 0.07 (0.07) 0.16 (0.16)
Mean medical judgement risk score (SD) 0.12 (0.14) 0.26 (0.25)
Mean NEWS (SD) 2 (2.0) 3.2 (3.2)
Alertness
  Alert (%) 278 (99.6) 123 (94.6)
  Pain (%) 0 (0.0) 3 (2.3)
  Voice (%) 1 (0.4) 4 (3.1)
  Unconscious (%) 0 (0.0) 0 (0.0)
AKI score
  0 (%) 271 (97.1) 122 (93.8)
  1 (%) 5 (1.8) 5 (3.8)
  2 (%) 2 (0.7) 2 (1.5)
  3 (%) 1 (0.4) 1 (0.8)
Oxygen supplementation (%) 50 (17.9) 42 (32.3)
Mean age (years) (SD) 84.4 (5.5) 86.7 (6.6)
Mean respiratory rate (breaths per minute) (SD) 18.3 (2.9) 19.1 (4.4)
Mean temperature (oC) (SD) 36.5 (0.7) 36.4 (0.8)
Mean systolic pressure (mm Hg) (SD) 135.8 (25) 124.1 (23.6)
Mean diastolic pressure (mm Hg) (SD) 71 (13.8) 68.2 (12.4)
Mean pulse rate (beats per minute) (SD) 78.6 (16.4) 81.6 (18.3)
Mean % oxygen saturation (SD) 96.1 (2) 95.5 (3.1)
Mean albumin (g/L) (SD)
  No imputation (n=313) 36.7 (4.3) 33.6 (5.8)
  With imputation (n=96)* 36.8 (0.6) 36.7 (1.0)
Mean creatinine (umol/L) (SD)
  No imputation (n=391) 103.3 (59.2) 118.7 (75.3)
  With imputation (n=18)* 91.7 (10.8) 88.7 (15.3)
Mean haemoglobin (g/L) (SD)
  No imputation (n=391) 123.3 (20.4) 117.8 (17.7)
  With imputation (n=18)* 121.5 (4.4) 116.5 (5.0)
Mean potassium (mmol/L) (SD)
  No imputation (n=367) 4.3 (0.5) 4.4 (0.6)
  With imputation (n=42)* 4.3 (0.1) 4.3 (0.1)
Mean sodium (mmol/L) (SD)
  No imputation (n=383) 136.1 (4.5) 135.5 (5.7)
  With imputation (n=26)* 137.0 (0.4) 136.8 (0.4)
Mean white cell count (109 cells/L) (SD)
  No imputation (n=391) 10.4 (6.4) 11.8 (12.8)
  With imputation (n=18)* 9.2 (0.3) 9.25 (0.2)
Mean urea (mmol/L) (SD)
  No imputation (n=391) 9.2 (5.3) 12.3 (8.9)
  With imputation (n=18)* 8.3 (0.8) 7.9 (1.4)
*Imputed blood test results using age-specific and sex-specific population median values.
AKI, acute kidney injury; CARM, computer-aided risk of mortality; NEWS, National Early Warning Score. 
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public voice continued to be included throughout the 
project with three patient representatives invited to sit on 
the project steering group. Participants will be informed 
of the results of this study through the patient and public 
involvement leads at each hospital site and the project 
team have met with the Bradford Patient and Service 
User Group to discuss the results.
results
Cohort description
The study involved 409 emergency medical admissions 
to the elderly care wards in York Hospital. Of these, 300 
(73.3%) had a full set of blood test and 109 (26.7%) had 
at least one blood test result missing (table 1). The most 
frequent missing blood test was albumin (n=96).
The in-hospital mortality was 31.8% (130/409). The 
age, sex, NEWS and blood test results profile are shown 
in table 2. Compared with patients discharged alive, 
deceased patients were aged older, with lower albumin, 
haemoglobin and sodium values, and higher creatinine, 
potassium, white cell count and urea values. NEWS was 
higher in deceased patients compared with patients 
discharged alive, as were respiratory rate and pulse rate 
values. The temperature, blood pressure and oxygen 
saturation values were lower in deceased patients. Where 
blood test results were missing, we imputed the age– sex 
population median value which appeared to give more 
reasonable values for patients discharged alive than 
those who died (see imputed values in table 2 comparing 
imputed values with observed values). For example, the 
observed mean (n=313) for albumin is 36.7 for survivors 
versus 33.6 for non-survivors. However, the imputed 
means for albumin (n=96) were 36.8 for survivors and 
36.7 for non-survivors.
Comparison of CArM versus medical judgement
Figure 1 shows the estimated risk of in-hospital mortality 
using CARM versus medical judgements for patients who 
discharged alive and deceased. The mean estimated risk 
of in-hospital mortality for patients discharged alive was 
lower with CARM (0.07 SD=0.07) versus medical judge-
ments (0.12 SD=0.14). Likewise, for decreased patients, 
the risk estimates from CARM (0.16 SD=0.16) were lower 
than estimates from medical judgements (0.26 SD=0.25) 
(see table 2).
Figure 2 shows the ROC curve. The area under the 
ROC curve (c-statistic) was higher for CARM 0.75 (95% 
CI: 0.69 to 0.81) than for medical judgement 0.72 (95% 
CI: 0.66 to 0.78) and were not statistically significant (p 
value=0.28). The area under the ROC curve was similar 
for admissions with at least one blood test result missing 
(see table 3).
Table 4 shows the sensitivity, specificity, PPV and NPV 
for a selected range of NEWS values. For patients with 
complete blood test results (n=300), NEWS at 5 (the 
recommended escalation threshold), which is equivalent 
to a 10% risk of in-hospital mortality, medical judgement 
had a higher sensitivity 59.2% (95% CI: 48.8 to 69.0) 
versus 58.2% (95% CI: 47.8 to 68.1), lower specificity 
70.3% (95% CI: 63.5 to 76.5) versus 82.7% (95% CI: 76.7 
to 87.6), lower PPVs 49.2% (95% CI: 39.8 to 58.5) versus 
62.0% (95% CI: 51.2 to 71.9) and a lower positive likeli-
hood ratio (2 vs 3.4) than the CARM score.
Figure 1 Comparison of medical judgement versus CARM in predicting risk of mortality for patients who (A) discharged alive 
and (B) discharged deceased. (A1/B1) Complete blood test results (n=300); (A2/B2) at least one blood test result is imputed 
(n=109). CARM, computer-aided risk of mortality.
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For patients with at least one imputed blood test result 
(n=109), at a NEWS of 5 medical judgement had a higher 
sensitivity 50.0% (95% CI: 31.9 to 68.1) versus 25.0% 
(95% CI: 11.5 to 43.4), lower specificity 81.8% (95% CI: 
71.4 to 89.7) versus 89.6% (95% CI: 80.6 to 95.4), higher 
PPVs 53.3% (95% CI: 34.3 to 71.7) versus 50.0% (95% CI: 
24.7 to 75.3) and higher positive likelihood ratios (2.8 vs 
2.4).
DIsCussIOn
In this study, we assessed the accuracy of CARM versus 
medical judgements in consecutive emergency admis-
sions to the elderly care ward over a 2-week period. We 
found for patients with complete blood test results, the 
c-statistic for CARM was 0.75 versus 0.72 for medical 
judgements (p=0.28). For patients with at least one 
missing blood test result, the c-statistics were lower but 
still similar (medical judgements 0.70 vs CARM 0.70). At 
a 10% mortality risk, the PPV for CARM was higher than 
medical judgements in patients with complete blood test 
results (62.0% vs 49.2%) but not when blood test results 
were missing (50.0% vs 53.3%).
Overall, when comparing CARM with medical judge-
ments, no significant differences in area under the curve 
were found. These findings are remarkable because, 
unlike medical judgements, CARM relies exclusively on 
routinely collected data based primarily on the patients’ 
age, vital signs and blood test results without having any 
disease labels or clinical history. Furthermore, where 
blood tests are being imputed, CARS and medical judge-
ments are less able to discriminate mortality. While this 
is to be expected for CARM because we use a population 
median imputation strategy, which is biased towards survi-
vors, the reasons for lower c-statistics for medical judge-
ments are less clear. It would suggest that these patients 
(with one or more missing blood test results) are more 
challenging to assess for the medical staff although the 
underlying reasons are not clear.
Our findings are in line with other studies, which also 
found no significant differences between ROC curves 
for Acute Physiology and Chronic Health Evaluation 
(APACHEII) score and clinical staff.19 However, a study 
reported that the clinical assessment had an overall accu-
racy of 95.2% versus 90.9% for APACHE2.3 Other studies 
have also failed to show an advantage for the APACHE2 
model when compared with medical judgements by the 
clinicians.4 5 20 Another study found that physicians were 
significantly better in predicting outcome in a medical 
intensive care unit than APACHE.21 One study concluded 
that physicians' clinical judgement could differ from 
scoring systems enough to account for large differences 
in expected outcomes.20
It is important to note that we have designed CARM to 
support the medical decision-making process, not replace 
it, without placing any additional data collection burden 
on staff. The CARM risk prediction can also be made 
Figure 2 Receiver operating characteristic curve for CARM and medical judgements with/without imputed blood test results. 
(A) Complete blood test results (n=300); (B) at least one blood test result is imputed (n=109). Black line is for CARM and grey 
line is for medical judgement. CARM, computer-aided risk of mortality.
Table 3 Comparing discrimination of medical judgement versus CARM in predicting the risk of in-hospital mortality
Imputation
Medical judgement
AUC (95% CI)
CARM
AUC (95% CI) P value
Complete blood test results (n=300) 0.72 (0.66 to 0.78) 0.75 (0.69 to 0.81) 0.28
At least one blood test result is imputed (n=109) 0.70 (0.60 to 0.81) 0.70 (0.59 to 0.80) 0.86
AUC, area under the curve; CARM, computer-aided risk of mortality.
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available as soon as the physiological observations and 
blood test results are available and prior to the consultant 
review which may be of assistance to more junior staff. 
CARM was developed using all adult non-elective medical 
and elderly care admissions to in one hospital and exter-
nally validated in another hospital.8
The overall mortality was 5% in the study population 
in which the CARM risk predictor was developed. The 
overall mortality in this patient cohort is high and it is 
worth noting that patients had already been streamed 
(selected) as requiring in-patient admission as direct 
admission from GP or via the emergency department. 
Thus, the pre-test probability of mortality is different to 
original study population; yet, the CARM risk predictor 
still performs reasonably well in this population.
Our study has several limitations. This study provides 
a snapshot of the use of CARM in a hospital over a short 
period and the extent to which our findings generalise 
to patients over a longer time period and to other wards 
and hospitals require further study. Although CARM 
is designed to be automated, we note that for 26% of 
patients were unable to derive the CARM score because 
of no or incomplete blood test results and the most 
frequent missing blood test result was albumin. Although 
we adopted a median imputation strategy, the extent 
to which this is acceptable in routine clinical practice 
remains unknown especially as this imputation strategy 
is biased towards survivors and so will underestimate the 
true risk of dying for those who are likely to die. So further 
study is required to understand the issue of missing blood 
test results and how to address it in routine clinical prac-
tice. One possibility is that there may be an unintended 
increase in the use of blood test results in patients where 
blood test would not ordinarily be undertaken to simply 
provide a CARM score. Crucially, how the medical deci-
sion-making process is modified by the availably or CARM 
and the extent to which it enhances situational awareness 
and subsequently enhances the quality of care without 
adverse unintended consequences remains to be seen.
COnClusIOns
CARM is comparable with medical judgements in 
predicting in-hospital mortality following emergency 
admission to an elderly care ward. CARM may have a 
promising role in supporting medical judgements in 
determining the patient’s risk of death in hospital. Further 
evaluation of CARM in routine practice is required.
Author affiliations
1Faculty of Health Studies, University of Bradford, Bradford, UK
2School of Clinical Therapies, University College Cork National University of Ireland, 
Cork, Ireland
3Renal Unit, York Teaching Hospital NHS Foundation Trust, York, UK
4York Teaching Hospital NHS Foundation Trust, York, UK
5NHS Midlands and Lancashire Commissioning Support Unit, West Bromwich, UK
Contributors MM and DR had the original idea for this work. MF undertook 
the statistical analyses with guidance from AS and MAM. DR gave a clinical 
perspective. MF and BK wrote the first draft of this paper. SI, RD, DH, AC, JA, RH, T
ab
le
 4
 
P
er
fo
rm
an
ce
 o
f C
A
R
M
 v
er
su
s 
m
ed
ic
al
 ju
d
ge
m
en
t 
w
ith
/w
ith
ou
t 
im
p
ut
at
io
n 
in
 p
re
d
ic
tin
g 
th
e 
ris
k 
in
-h
os
p
ita
l m
or
ta
lit
y 
at
 N
E
W
S
 t
hr
es
ho
ld
s 
(1
, 2
, 3
, 4
 a
nd
 5
)
N
E
W
S
P
re
d
ic
te
d
 
ri
sk
 a
t 
N
E
W
S
 
th
re
sh
o
ld
s
N
M
ed
ic
al
 ju
d
g
em
en
t
C
A
R
M
S
en
si
ti
vi
ty
%
S
p
ec
ifi
ci
ty
%
P
P
V
N
P
V
LR
+
LR
−
G
M
%
N
S
en
si
ti
vi
ty
%
S
p
ec
ifi
ci
ty
%
P
P
V
N
P
V
LR
+
LR
−
G
M
%
C
om
p
le
te
 
b
lo
od
 t
es
t 
re
su
lts
 
n=
30
0
1
0.
03
27
5
98
.0
 (9
2.
8 
to
 9
9.
8)
11
.4
 (7
.4
 t
o 
16
.6
)
34
.9
 (2
9.
3 
to
 4
0.
9)
92
.0
 (7
4 
to
 9
9)
1.
1 
(1
.0
 t
o 
1.
2)
0.
2 
(0
.0
 t
o 
0.
7)
33
.4
23
9
90
.8
 (8
3.
3 
to
 9
5.
7)
25
.7
 (1
9.
9 
to
 3
2.
3)
37
.2
 (3
1.
1 
to
 4
3.
7)
85
.2
 (7
3.
8 
to
 9
3)
1.
2 
(1
.1
 t
o 
1.
4)
0.
4 
(0
.2
 t
o 
0.
7)
48
.4
2
0.
04
27
3
98
.0
 (9
2.
8 
to
 9
9.
8)
12
.4
 (8
.2
 t
o 
17
.7
)
35
.2
 (2
9.
5 
to
 4
1.
1)
92
.6
 (7
5.
7 
to
 9
9.
1)
1.
1 
(1
.1
 t
o 
1.
2)
0.
2 
(0
.0
 t
o 
0.
7)
34
.8
20
5
84
.7
 (7
6 
to
 9
1.
2)
39
.6
 (3
2.
8 
to
 4
6.
7)
40
.5
 (3
3.
7 
to
 4
7.
5)
84
.2
 (7
5.
3 
to
 9
0.
9)
1.
4 
(1
.2
 t
o 
1.
6)
0.
4 
(0
.2
 t
o 
0.
6)
57
.9
3
0.
05
19
0
84
.7
 (7
6 
to
 9
1.
2)
47
.0
 (4
0.
0 
to
 5
4.
2)
43
.7
 (3
6.
5 
to
 5
1.
1)
86
.4
 (7
8.
5 
to
 9
2.
2)
1.
6 
(1
.4
 t
o 
1.
9)
0.
3 
(0
.2
 t
o 
0.
5)
63
.1
16
8
79
.6
 (7
0.
3 
to
 8
7.
1)
55
.4
 (4
8.
3 
to
 6
2.
4)
46
.4
 (3
8.
7 
to
 5
4.
3)
84
.8
 (7
7.
6 
to
 9
0.
5)
1.
8 
(1
.5
 t
o 
2.
1)
0.
4 
(0
.2
 t
o 
0.
6)
66
.4
4
0.
08
18
6
83
.7
 (7
4.
8 
to
 9
0.
4)
48
.5
 (4
1.
4 
to
 5
5.
6)
44
.1
 (3
6.
8 
to
 5
1.
5)
86
.0
 (7
8.
2 
to
 9
1.
8)
1.
6 
(1
.4
 t
o 
1.
9)
0.
3 
(0
.2
 t
o 
0.
5)
63
.7
12
6
65
.3
 (5
5.
0 
to
 7
4.
6)
69
.3
 (6
2.
4 
to
 7
5.
6)
50
.8
 (4
1.
7 
to
 5
9.
8)
80
.5
 (7
3.
8 
to
 8
6.
1)
2.
1 
(1
.7
 t
o 
2.
7)
0.
5 
(0
.4
 t
o 
0.
7)
67
.3
5
0.
10
11
8
59
.2
 (4
8.
8 
to
 6
9.
0)
70
.3
 (6
3.
5 
to
 7
6.
5)
49
.2
 (3
9.
8 
to
 5
8.
5)
78
.0
 (7
1.
3 
to
 8
3.
8)
2.
0 
(1
.5
 t
o 
2.
6)
0.
6 
(0
.5
 t
o 
0.
7)
64
.5
92
58
.2
 (4
7.
8 
to
 6
8.
1)
82
.7
 (7
6.
7 
to
 8
7.
6)
62
.0
 (5
1.
2 
to
 7
1.
9)
80
.3
 (7
4.
2 
to
 8
5.
5)
3.
4 
(2
.4
 t
o 
4.
7)
0.
5 
(0
.4
 t
o 
0.
6)
69
.3
A
t 
le
as
t 
on
e 
b
lo
od
 
te
st
 r
es
ul
t 
is
 im
p
ut
ed
 
n=
10
9
1
0.
03
89
93
.8
 (7
9.
2 
to
 9
9.
2)
23
.4
 (1
4.
5 
to
 3
4.
4)
33
.7
 (2
4.
0 
to
 4
4.
5)
90
.0
 (6
8.
3 
to
 9
8.
8)
1.
2 
(1
.1
 t
o 
1.
4)
0.
3 
(0
.1
 t
o 
1.
1)
46
.8
83
90
.6
 (7
5.
0 
to
 9
8.
0)
29
.9
 (2
0.
0 
to
 4
1.
4)
34
.9
 (2
4.
8 
to
 4
6.
2)
88
.5
 (6
9.
8 
to
 9
7.
6)
1.
3 
(1
.1
 t
o 
1.
6)
0.
3 
(0
.1
 t
o 
1.
0)
52
.0
2
0.
04
88
93
.8
 (7
9.
2 
to
 9
9.
2)
24
.7
 (1
5.
6 
to
 3
5.
8)
34
.1
 (2
4.
3 
to
 4
5)
90
.5
 (6
9.
6 
to
 9
8.
8)
1.
2 
(1
.1
 t
o 
1.
5)
0.
3 
(0
.1
 t
o 
1.
0)
48
.1
63
75
.0
 (5
6.
6 
to
 8
8.
5)
49
.4
 (3
7.
8 
to
 6
1.
0)
38
.1
 (2
6.
1 
to
 5
1.
2)
82
.6
 (6
8.
6 
to
 9
2.
2)
1.
5 
(1
.1
 t
o 
2.
0)
0.
5 
(0
.3
 t
o 
1.
0)
60
.8
3
0.
05
59
68
.8
 (5
0.
0 
to
 8
3.
9)
51
.9
 (4
0.
3 
to
 6
3.
5)
37
.3
 (2
5.
0 
to
 5
0.
9)
80
.0
 (6
6.
3 
to
 9
0.
0)
1.
4 
(1
.0
 t
o 
2.
0)
0.
6 
(0
.3
 t
o 
1.
0)
59
.8
47
62
.5
 (4
3.
7 
to
 7
8.
9)
64
.9
 (5
3.
2 
to
 7
5.
5)
42
.6
 (2
8.
3 
to
 5
7.
8)
80
.6
 (6
8.
6 
to
 8
9.
6)
1.
8 
(1
.2
 t
o 
2.
7)
0.
6 
(0
.4
 t
o 
0.
9)
63
.7
4
0.
08
59
68
.8
 (5
0.
0 
to
 8
3.
9)
51
.9
 (4
0.
3 
to
 6
3.
5)
37
.3
 (2
5.
0 
to
 5
0.
9)
80
.0
 (6
6.
3 
to
 9
0.
0)
1.
4 
(1
.0
 t
o 
2.
0)
0.
6 
(0
.3
 t
o 
1.
0)
59
.8
30
40
.6
 (2
3.
7 
to
 5
9.
4)
77
.9
 (6
7.
0 
to
 8
6.
6)
43
.3
 (2
5.
5 
to
 6
2.
6)
75
.9
 (6
5 
to
 8
4.
9)
1.
8 
(1
.0
 t
o 
3.
3)
0.
8 
(0
.6
 t
o 
1.
0)
56
.3
5
0.
10
30
50
.0
 (3
1.
9 
to
 6
8.
1)
81
.8
 (7
1.
4 
to
 8
9.
7)
53
.3
 (3
4.
3 
to
 7
1.
7)
79
.7
 (6
9.
2 
to
 8
8.
0)
2.
8 
(1
.5
 t
o 
4.
9)
0.
6 
(0
.4
 t
o 
0.
9)
64
.0
16
25
.0
 (1
1.
5 
to
 4
3.
4)
89
.6
 (8
0.
6 
to
 9
5.
4)
50
.0
 (2
4.
7 
to
 7
5.
3)
74
.2
 (6
4.
1 
to
 8
2.
7)
2.
4 
(1
.0
 t
o 
5.
9)
0.
8 
(0
.7
 t
o 
1.
0)
47
.3
 C
A
R
M
, c
om
p
ut
er
-a
id
ed
 r
is
k 
of
 m
or
ta
lit
y;
 G
M
, g
eo
m
et
ric
 m
ea
n;
 L
R
+
, p
os
iti
ve
 li
ke
lih
oo
d
 r
at
io
; L
R
−
, n
eg
at
iv
e 
lik
el
ih
oo
d
 r
at
io
; N
E
W
S
, N
at
io
na
l E
ar
ly
 W
ar
ni
ng
 S
co
re
; N
P
V,
 n
eg
at
iv
e 
p
re
d
ic
tiv
e 
va
lu
e;
 P
P
V,
 p
os
iti
ve
 p
re
d
ic
tiv
e 
va
lu
e.
 o
n
 Septem
ber 16, 2020 by guest. Protected by copyright.
http://bmjopen.bmj.com/
BM
J O
pen: first published as 10.1136/bmjopen-2018-027741 on 19 June 2019. Downloaded from 
7Faisal M, et al. BMJ Open 2019;9:e027741. doi:10.1136/bmjopen-2018-027741
Open access
SK, GM, KG and MH contributed to data collection and all authors subsequently 
assisted in redrafting and have approved the final version. MM will act as guarantor.
Funding This research was supported by the Health Foundation. The Health 
Foundation is an independent charity working to improve the quality of health care 
in the UK. This research was supported by the National Institute for Health Research 
(NIHR) Yorkshire and Humberside Patient Safety Translational Research Centre 
(NIHR YHPSTRC).
Disclaimer The views expressed in this article are those of the author(s) and not 
necessarily those of the NHS, the NIHR, or the Department of Health and Social 
Care.
Competing interests None declared.
Patient consent for publication Not required.
Provenance and peer review Not commissioned; externally peer reviewed.
Data sharing statement Our data sharing agreement with the York hospital 
does not permit us to share this data with other parties. Nonetheless, if anyone is 
interested in the data, then they should contact the R&D offices at York hospital in 
the first instance.
Open access This is an open access article distributed in accordance with the 
Creative Commons Attribution 4.0 Unported (CC BY 4.0) license, which permits 
others to copy, redistribute, remix, transform and build upon this work for any 
purpose, provided the original work is properly cited, a link to the licence is given, 
and indication of whether changes were made. See: https:// creativecommons. org/ 
licenses/ by/ 4. 0/.
reFerenCes
 1. Brabrand M, Folkestad L, Clausen NG, et al. Risk scoring systems 
for adults admitted to the emergency department: a systematic 
review. Scand J Trauma Resusc Emerg Med 2010;18:8.
 2. Smith MEB, Chiovaro JC, O’Neil M, et al. Early warning system 
scores for clinical deterioration in hospitalized patients: a systematic 
review. Ann Am Thorac Soc 2014;11:1454–65.
 3. Meyer AA, Messick WJ, Young P, et al. Prospective comparison of 
clinical judgment and APACHE II score in predicting the outcome in 
critically ill surgical patients. J Trauma 1992;32:747–54.
 4. McClish DK, Powell SH. How Well Can Physicians Estimate Mortality 
in a Medical Intensive Care Unit? Med Decis Mak 1989;9:125–32.
 5. Christensen C, Cottrell J J, Murakami J, et al. Forecasting Survival in 
the Medical Intensive Care Unit: A Comparison of Clinical Prognoses 
With Formal Estimates. 1993.
 6. Sinuff T, Adhikari NK, Cook DJ, et al. Mortality predictions in the 
intensive care unit: comparing physicians with scoring systems. Crit 
Care Med 2006;34:878–85.
 7. Royal College of Physicians. National Early Warning Score (NEWS): 
Standardising the assessment of acuteillness severity in the NHS - 
Report of a working party. 2012.
 8. Faisal M, Scally AJ, Jackson N, et al. Development and validation 
of a novel computer-aided score to predict the risk of in-hospital 
mortality for acutely ill medical admissions in two acute hospitals 
using their first electronically recorded blood test results and vital 
signs: a cross-sectional study. BMJ Open 2018;8:e022939.
 9. Steyerberg EW, Vickers AJ, Cook NR, et al. Assessing the 
performance of prediction models: a framework for traditional and 
novel measures. Epidemiology 2010;21:128–38.
 10. Hanley JA, McNeil BJ. The meaning and use of the area under 
a receiver operating characteristic (ROC) curve. Radiology 
1982;143:29–36.
 11. DeLong ER, DeLong DM, Clarke-Pearson DL. Comparing the areas 
under two or more correlated receiver operating characteristic 
curves: a nonparametric approach. Biometrics 1988;44:837–45.
 12. Goulden R, Hoyle MC, Monis J, et al. qSOFA, SIRS and NEWS for 
predicting inhospital mortality and ICU admission in emergency 
admissions treated as sepsis. Emerg Med J 2018;35:345–9.
 13. NHS. Royal College of Physicians: NHS England approves use 
of National Early Warning Score (NEWS) 2 to improve detection 
of acutely ill patients. 2017. https://www. rcplondon. ac. uk/ news/ 
nhs- england- approves- use- national- early- warning- score- news- 2- 
improve- detection- acutely- ill
 14. Sanz J, Paternain D, Galar M, et al. A new survival status prediction 
system for severe trauma patients based on a multiple classifier 
system. Comput Methods Programs Biomed 2017;142:1–8.
 15. StatCorp. Stata: Release 14. Statistical Software. College Station, TX: 
StataCorp LP, 2016.
 16. R Development Core Team. R: A language and environment for 
statistical computing: R Foundation for Statistical Computing, 2015. 
http://www. r- project. org/
 17. Harrell FE. rms: Regression Modeling Strategies. 2015. http:// cran. 
r- project. org/ package= rms
 18. Robin X, Turck N, Hainard A, et al. pROC: an open-source 
package for R and S+ to analyze and compare ROC curves. BMC 
Bioinformatics 2011;12:77.
 19. Kruse JA, Thill-Baharozian MC, Carlson RW. Comparison of clinical 
assessment with APACHE II for predicting mortality risk in patients 
admitted to a medical intensive care unit. JAMA 1988;260:1739–42.
 20. Pierpont GL, Parenti CM. Physician risk assessment and APACHE 
scores in cardiac care units. Clin Cardiol 1999;22:366–8.
 21. Brannen AL, Godfrey LJ, Goetter WE. Prediction of outcome from 
critical illness. A comparison of clinical judgment with a prediction 
rule. Arch Intern Med 1989;149:1083–6.
 o
n
 Septem
ber 16, 2020 by guest. Protected by copyright.
http://bmjopen.bmj.com/
BM
J O
pen: first published as 10.1136/bmjopen-2018-027741 on 19 June 2019. Downloaded from 
